A I M L L L M . t This project is aimed at beginners 1in the field of AI security. It covers
S e C u r 1 y most of the topics you need to learn to become an expert in AI security.
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Interpretability and Explainability: Understanding why an AI system made a particular Key Concepts in AI.

decision is often more challenging compared to traditional software systems. This
lack of interpretability and explainability can make it difficult to detect and
mitigate attacks on AI systems effectively.
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Data Privacy Concerns: AI systems often rely on large amounts of data, which can . . . .
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may not adequately address these data privacy concerns specific to AI systems.
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Regulatory Compliance: The regulatory landscape for AI security is still evolving,
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Data Integrity: AI systems rely heavily on data for learning.
[Ensuring the integrity of this data is crucial, as attackers
can manipulate the data to influence AI behavior, a tactic
known as data poisoning
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